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Abstract

Background: Hepatitis C (HCV) disproportionately affects minority populations(1). In order to identify other health disparity
gaps and improve testing guidelines, we examined the Wilmington, NC area - ranking #1 nationally in opioid abuse with
greater than 11.6% of its population misusing prescription opioids(2). Coinciding with this is an impressive rate of HCV making
it a magnified model for the rest of America(3). Our goal for this study was to identify disparities in HCV screening based on
patient demographics, and to create a model predicting who are most likely to test positive.

Methods: This was a retrospective observational study of randomly selected patients in a rural community hospital system.
Patients were categorized by sex, age, primary language, access to a primary care provider (PCP), history of intravenous (IV)
drug use, insurance payor, 2017 adjusted gross income for their zip code, and HCV infection status. An optimal model was
created using a forward-selection approach to provide the minimum Akaike information criterion. Predictive capabilities of
each formulated equation were tested through five-fold cross validation.

Results: 10,000 patients were included, half were screened for HCV, and 601 were HCV positive. Negative predictors for HCV
screening were being male (log odds - 0.426, p < 0.01) and age 25-44 (log odds - 0.379, p < 0.01). The strongest positive
predictors for screening, besides IV drug use, were English as primary language (log odds 0.818, p < 0.01) and access to a PCP
(log odds 0.778, p < 0.01). Lack of health insurance/self-pay was not a predictor. For the HCV infection model (sensitivity
43.48%, specificity 94.07%), the prototype most likely to be HCV positive was an age 25-44 (log odds 1.394, p < 0.01), male (log
odds 0.922, p < 0.01), English speaker (log odds 1.627, p < 0.01), with a history of IV drug use (log odds 2.106, p < 0.01), and
government insurance (log odds 2.108, p < 0.01). Increases in adjusted gross income were associated with decreases in the
log-odds of HCV infection (p < 0.01).

Conclusions: Males age 25-44 were the least likely to be screened for HCV and most likely to test positive. Attention should
also be brought to non-English speakers and those without a PCP to close health disparity gaps. Lack of health insurance was
not a screening barrier, but socioeconomic inequalities were seen by lower infection rates in higher income areas and
increased likelihood of infection in those without private insurance. Despite the high specificity of these models, other factors
need to be explored for better sensitivity.
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Learning Objectives
1. Discuss current healthcare disparities in hepatitis C screening.
2. Cite current USPSTF hepatitis C screening guidelines.
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Figure 1 {left): Distribution of HCV screens by age group. Figure 2 (right): Distribution of HCV infections by
age group.



Table 3. Logistic Regression Results — Screening.
Dypendent Variable, HOV Screen Completed
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Table 4. Logistic Regression Results — Infection.

Dependent Variable: Positive HCV Infection
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